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ABOUT ME

Lead a Team of Data Scientist and Big Data Developers
to Create Solutions for Intel R&D Organizations

Ben-Gurion Industrial Engineering MSc. Grad.
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ADDITIONAL CAPABILITIES EXAMPLES

Active Learning &
Advanced Surface

Embedded Online
Machine Learning

Pattern Recognition for
Improving Products

Fitting to Project Design Algorithms for Chip Quality
Parameters Performance
Improvements
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PROBLEM STATEMENT: HIDDEN BUGS FOR LACK OF VALIDATION

CPU Validation Process:
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Many thousands
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Random test
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SOLUTION: AUTOMATIC TEST GENERATION
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SOLUTION: AUTOMATIC TEST GENERATION
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DATA: TEST RECORDINGS - INPUTS AND OUTCOMES
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CHALLENGES SOLUTIONS

Ooollo(oNWoItD

\SOLOS(lO(OLIO

WwOooiolonwooio

(oo OIOIoNI0)L w
olat OoILO\o\\O

OO oILLODLON)

mqgmtuje fh:a?:y Evaluation is not
ousands oOr tests, straight forward

thousands of tests inputs (hidden data)

(OiI0liplodlio|
o\Wotlilocotltoion
Honato\wWwool O
N -
C

Highly Imbalanced
Data

ADVANCED ANALVYTICS, INTEL NUFAR GASPAR



IMBALANCED DATA SOLUTION: DOWN SAMPLING + INFERENCE

Highly Imbalanced:
0.02% Positive Examples
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MAGNITUDE SOLUTION: SPARK BASED BIG DATA PLATFORM

Intel Hadoop Cluster
(CDH)
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EVALUATION SOLUTION: CLOSED LOOP & MEASUREMENT SEARCH
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@ -—

- e %l
Evaluation is not Ensemble of Multiple
straight forward Algorithms Results

(hidden data)

ADVANCED ANALVYTICS, INTEL NUFAR GASPAR



EVALUATION SOLUTION: CLOSED LOOP & MEASUREMENT SEARCH

SH
»

\§\\

N — ’%
Evaluation is not Ensemble of Multiple Run Evaluation
straight forward Algorithms Results Loop

(hidden data)

ADVANCED ANALVYTICS, INTEL NUFAR GASPAR



EVALUATION SOLUTION: CLOSED LOOP & MEASUREMENT SEARCH

)
F
—— measvre
@ &
Evaluation is not Ensemble of Multiple Run Evaluation Identify a Correlative
straight forward Algorithms Results Loop meo;;urehmelgt &
(hidden data) resho

ADVANCED ANALVYTICS, INTEL NUFAR GASPAR



EVALUATION SOLUTION: CLOSED LOOP & MEASUREMENT SEARCH

M
_' "Q’ K T SR

Evaluation is not Ensemble of Multiple Run Evaluation Identify a Correlative
straight forward Algorithms Results Loop meo;:‘urehm?gt &
i esho
(hidden data) '

Results are very good (exact numbers confidential)
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Significant More Validation for Rare Func. New Bugs are Being Found Earlier
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ADDITIONAL DIRECTIONS & NEXT STEPS

Improve Existing Models Harness the Power of
and Post-Processing Big Data for
Exhaustive Search
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